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Prediction of Net Primary Productivity of plants based on EMD-LSTM model
LI Haokun
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Abstract; To study the Net Primary Productivity (NPP) of plants under the influence of climate change and human activities and to
predict it, the NPP data from 2000 to 2020 are firstly collected and the dataset is preprocessed; then the time—order—based BP neural
network prediction model and the EMD-BP prediction model are constructed, and the NPP and its influencing factors are classified

and predicted using the two models; finally, the measured results of the two prediction models are compared. The results show that

the EMD—-BP neural network model has less bias in estimating NPP than the BP neural network model.
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Fig. 2 Comparison results of the models
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Table 1 Comparison of prediction results of different models
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