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Research and application of deep reinforcement learning in game development
LI Yanzhe

(College of Mathematics and Statistics, South—Central Minzu University, Wuhan 430074, China)

Abstract; Deep reinforcement learning combines the perception ability of deep learning and the decision — making ability of
reinforcement learning, and has become the key technology in game development. In order to comprehensively analyze the research
and application of deep reinforcement learning in the field of game development, this paper analyzes the key technologies and
algorithms of deep reinforcement learning, reviews the application and research progress of deep reinforcement learning in game
development fields such as game agent training, environment design and performance optimization. Subsequently, this paper
discusses the technical advantages, difficulties and challenges of deep reinforcement learning in the field of game development, and
brings more possibilities and opportunities for game development.
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