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A support model for AI analysis of medical images
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Abstract: A model specifically designed for Al analysis of medical images has been developed to address issues in traditional
computer —aided diagnosis, such as underutilization of image data. This model focuses on the unique characteristics of medical
images and optimizes the image data during the data preprocessing stage. In the storage phase, a storage structure tailored to medical
image characteristics has been designed, and a cloud storage solution is employed to enhance data sharing convenience. To address
security risks in wide area network transmission, encryption techniques are applied to ensure the data security during image
transmission. Additionally, through unsupervised pretraining, the model effectively utilizes unlabeled images to build a parameter
library, providing superior initialization and data understanding capabilities. Experimental results demonstrate that the supporting
model outperforms traditional systems in terms of storage and retrieval capabilities, enabling rapid responses to new requirements and
changes, while providing robust support for Al model training.
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Fig. 1 Supporting model structure diagram
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Fig. 2 Image conversion process
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Fig. 3 Internal structure of data storage core
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Fig. 4 AI model processing flowchart
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Table 2 Image reading time comparison table
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